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Tab. 1 Comparison of the classification results between the two methods
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Tab. 2 Calculation results based on PageRank algorithm
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A focused crawler algorithm based on Naive Bayes model and
PageRank on power grid accidents

Xie Shuyong', Liu Zhiliang®

(1. Huizhou Power Supply Bureau, Guangdong Power Grid Co. Ltd.,Huizhou 516000, China;
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Abstract: In order to reduce the number of personal safety accidents in the power grid, it is necessary to construct and
analyze multi-dimensional data of accidents to build precise early warning models by using data mining techniques. One of the
challenging problems is to automate the collection of accident data in large-scale websites. In this paper, we propose a focused
crawler algorithm that combines Naive Bayes model and PageRank algorithm. First, by adopting the Chinese text segmentation
method and setting keyword frequency, data are preprocessed. After feature selection, a Naive Bayesian classification model is
constructed and trained, so as to achieve a significant increase in the classification accuracy of power grid accidents. Then, the
PageRank algorithm is used to sort the topic relevance of the accurately classified web pages, which effectively avoids the prob-
lem of topic drift that common crawler methods often suffer from. The experimental results show that the page harvesting rate
of the proposed algorithm is higher than that of using the Naive Bayesian classifier or the PageRank algorithm alone, regardless
of the same time budget or the same number of searched pages. Thus, this method is capable of crawling information about
power grid accidents more efficiently and accurately among a large number of web pages.
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