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A data-driven method for air conditioning load forecasting

Zhou Mengran, Zhou Guangyao, Hu Feng, Zhu Ziwei, Zhang Qiqi, Wang Ling, Kong Weile, Wu Changzhen, Cui Enhan

(College of Electrical and Information Engineering, Anhui University of Science and Technology, Huainan 232001, China)

Abstract: Air conditioning load forecasting is the basis for analyzing the potential of air conditioning load and regulating
the air conditioning load of the power grid. In order to accurately predict the air conditioning load, this paper proposes an air
conditioning load forecasting method taking into account of external influencing factors and integrates optimization. Firstly, de-
velop an experimental operation plan and collect data on influencing factors. Secondly, the nearest neighbor component analysis
(NCA) method is used for feature selection to remove features with low importance. Then the white shark optimizer(WSQO) al-
gorithm for support vector regression(SVR) are used. The regularization parameter of SVR and the width parameter of the ker-
nel function are optimized, and finally. the adaptive boosting algorithm is combined. Construct the Adaboost WSO-SVR main
model, test its accuracy, and compare it with other methods. The results indicate that the accuracy of the Adaboost WSO-SVR
main model proposed in this article is higher than the integrated optimized BP, ELM models. It is known that the proposed
method has better performance in load forecasting, providing a basis for optimizing control strategies for air conditioning energy
conservation.

Keywords: air conditioning load; load forecasting; feature selection; white shark optimization algorithm; adaptive boos-

ting algorithm; support vector regression
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