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Energy-saving Coverage Algorithm for Wireless Sensor Network
‘Based on Co-evolutionary Particle Swarm Optimization

WANG Changging, HUANG Jing

(College of Physics and Electronic Engineering, Henan Normal University, Xinxiang 453007, China)

Abstract: To solve the problem that the most covering algorithm of wireless sensor network has the weakness of serious
energy consumption and lots of redundant nodes. We proposed an energy-conservation optimization covering algorithm which
based on co-evolutionary particle swarm optimization(PSO). We constructed the PSO model according to the ratio of the net-
work coverage, residual energy and the degree of redundant. The mutation and crossover operator of genetic algorithm was a-
dopted to enhance the searching able of the proposed algorithm. The simulation results indicate that the proposed algorithm can
improve energy efficiency, maintain a good network coverage rate, effectively prolong the lifetime of network and achieves the

goal of energy-saving optimization covering.

Keywords: Wireless Sensor Network; particle swarm optimization; optimization covering; energy-conserving



